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= nlpai-lab ko-gemma-7h-v1 0 ke 5
% TextGeneration & Transformers & Safetensors gemma  conversational @ Inference Endpoints

» Model card Files and versions. Community Settings

Model Card for Model ID

Model Details
Model Description

Thisis the model card of a & transformers model that has been pushed on the Hub. This model card
has been automatically generated.

Developed by: [Mare Information Needed)

Funded by [optional]: [More Information Needed)

Shared by [optional): [Mare Information Needed]

Model type: [More Infermation Needed]

Language(s) (NLP): [More Information Needed]

License: [More Information Needed]

Finetuned from model [optional]: [More Information Needed]

Model Sources [optional]

Repositary: [Mare Information Needed]
Paper [optional]: [More Information Needed]

Demo [optional]: [More Information Needed]
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y| LeaderBoard 1%

- JHer : 12dCHekd NLPRAI A4 OpenKo-LLM
LeaderBoard

&7 The Open Ko-LLM Leaderboard kr objectively evaluates the performance of Korean Large Language Model (LLM).

- S &= ot=0 S8t 2 A2 R(LLM) S7H...5 Y8Al 7|04 7|0 i S

nding, hallucination, and commonsense. The evaluation dataset is exclusively private and only available for evaluation process. More detailed

atically evaluated. The GPU used for evaluation is operated with the support of KT. The data used for evaluation consists of

information about the benchmark daf

s provided on the “About” page.

This leaderboard is co-hosted by Upstage, and NIA that provides various Korean Data Sets through Al-Hub, and operated by Upstage.

- Leaderboard £9| ¥ HIXI0IZ H47} 'US H S1=’ RS HASIK| 2 Voot @it i
Q

LX) O instruction-tuned [ R | ]
- E‘I-Olﬂé: Ol-]Il-xl 2-0 @ Average [l ” Ko-ARC @ Ko-HellaSwag @ Ko-MMLU

a ?
- Base Model: upstage/SOLAR-10.7B-v1.0 Sphey) 8 pemee) Do) (08 T

\\\\\\\\\ Merged Hub License #Params () Hub @ P u e P o °
bl b Model sha gged @ oo

T a 4 Average [l » Ko-HellaSwag 4 Ko-MMLU & Ko-TruthfulQA + Ko-Comm

o 55.53 70.14 43.54 45.9 71.46 46.64

o 24.31 59.81 32.4 28.69 60.64 40.02

Update Logs - A e o (e v e
*2024.04.08: () T E3(KULLM3) X AtSt 2 Bl (awq-4bit) & 7H - Y
*2024.04.03: T E3(KULLM3) S 7H : e e e
*2023.06.23: St=0f Clj o} H7t 210 574 5 2] s fue e fom jme e
*2023.06.08: &) Polyglot-ko 5.88 7| BF KULLM-Polyglot-5.8B-v2 fp16 2 & & 74 o . e o N
*2023.06.01: = (KULLM) O| O| E{ All v2 HuggingFace Datasets & /| - -

*2023.05.31: B)Polyglot-ko 12.8B 7|t KULLM-Polyglot-12.8B-v2 fp16 2 & & 7| ,
*2023.05.30: &)Polyglot-ko 12.88 7| HF KULLM-Polyglot-12.8B fp16 & & S 7} o M e o Rl s W

m
o
A



https://huggingface.co/taeminlee/KULLM3-awq
https://huggingface.co/nlpai-lab/KULLM3
https://github.com/nlpai-lab/KULLM#evaluation
https://huggingface.co/nlpai-lab/kullm-polyglot-5.8b-v2
https://huggingface.co/datasets/nlpai-lab/kullm-v2
https://huggingface.co/nlpai-lab/kullm-polyglot-12.8b-v2
https://huggingface.co/metterian/kullm-polyglot-12.8b

01 @o KULLM 2% ,

KULLMS3 Ch=t d5 T7t 21}

GPT-4 Turbo () GPT-3.5 Turbo @@ KULLM3 @ Solar-10.7-inst @ KULLM_v2 KoAlpaca-12.8

v
4 83 4.88 78

v
4.33 4-4% 36

4.17

Fluency Coherence Accuracy Completeness Overall

Bt RE= GPT-4-Turbo(gpt-4-0125-preview)E AFE6t 10, BIHHIOIHMEZ vizhongw/self-instructl & EIt
HIOIEARN user_oriented_instructions jsonlE deepl=z 199! HIOIHAE AtEEL

=& prompt HIOIEI CHeH 220 S5 486t 1 2EE OpenAl APIE AtE6H0] BIIok= A LILH

ofe Bt Z21h= repolil A JHs10] JtsEiLIL



https://github.com/yizhongw/self-instruct
https://github.com/superheavytail/lm-chat-eval-by-openai
https://github.com/nlpai-lab/KULLM/blob/main/assets/kullm3_instruction_evaluation.png

- 37ME Hof, st=0 Instruction tuning GIO|EH A &&
- XNEZHOo|2tn TEHE A2 OpenAl APIE E-E3510] X4
- °<§O-|/'6,'_I-ﬂ-0-| |:-"0|E-|k|| I:l=|.9.o§ A-|= '6'I:AI-

- O|o|gAMle] =X, #H|(domain), L0 2} ZEHol EE0| b3
- O& &0, GPT-4Z 0| &350 d-dot nEH Ho|E2tx: I HO| H|==3t HIO[H 7 O{2] 7} E0{Z 8% BE 85 F2l0|5tA X 5t=

- 'Lt Dejoistn NLP&AI A0 BHE KULLMO|LE 2t= HEALLE FUSH| st Ho|H XU = M/d 3 F&o|H

. DY MY A EYY

fulo

M 5t7| I8t Safety Data 210 M

!

_ sto|mutato|E M2 R, S HO[EoM O 22 2Y 53

L
L

l—H Z2ALF =0l —~
. SHE Yoi/st=of + ! DartaT R S8d A8
KULLM3 & |O|E] = Instruction Data AEEOL A A Safety Data
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Q < I lost my job last year and got really angry. ] EmpatheticDialogues

LX) < I'm in depression because recently I lost my job.

I am sorry to hear that. It must be so upset. (Non-Initiative) :> @ [I am so sorry to hear that. Did you work there for a long time? (Initiative) ]> )

@ <Yes, it was a complete surprise. ’

- lost so they took out lots of employs.

€2 %Yes up to five years but my company getting too much ESConv

[I can understand that. T hope it turned out to be a blessing. (Non-Initiative) ]|> Nt [I can understand. It can cause a lot of depression for you. (INon-Initiative) ]> @

X <{ I don’t know what to do now. é%%

I would recommend looking for a local group that help assist creating ]F G

@ < I wish I had another job today. ’

I feel your pain. It happened to me few years ago. I hope }> @

you find a job, good luck! (Non-Initiative) new resumes. Nonprofits have people who volunteer. (Initiative)

Empathetic Dialogue Emotional Support Dialogue
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Intelligent Predictive Maintenance RAG framework for Power Plants:
Enhancing QA with StyleDFS and Domain Specific Instruction Tuning

Seongtae Hong, Joong Min Shin, Jaehyung Seo, Taemin Lee, Jeongbae Park, Cho Man Young, Byeongho Choi, Heuiseok Lim
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"text" : "The advent of large language models has ex-

perienced a remarkable improvement in the

field of machine translation. However, machine

translation is still wvulnerable to critical meaning

deviations, which may incur catastrophic issues
in social or ethical contexts. In particular, ex-
isting critical error detection primarily focuses
on identifying sentence-level errors, leaving

the precise localization of such errors within
the sentence unaddressed. In this paper, we
introduce a new task, word-level critical error
detection (WCED), to detect critical errors at

a fine-grained level in machine translation sen-
tences. The task aims to didentify the parts of

a machine translation that contain catastrophic
meaning distortions. We hypothesize that the
ability i ne sentence level

will pos E-”A E b = ection of more
granular 11— 1 E ntence-level er-

O|OjX] =& AE

O|OjA| RO 2=

Elements == 2t

HOl= =& 248

E|O|E 209 2%

Markdown

Color

This image presents examples of Pstandard

input-output pairs demonstrating prompting

chain of thought reasoning across

p4Eq uation

different benchmarks, including only

math word problems,

commonsense reasoning, and date

Povariable

compute only

understanding. It highlights the

performance of various large

p4R(-32|scm‘|ng

after answer

language models and the

effectiveness of chain-of-thought

oromnting Hard

O|njx| == 3! #H

B Chain-of-
thought
prompting

in models

parameters.

Browse files

Description
Standard
prompting
Equation only
VELED
compute only

Reasoning

after answer

Chain-of-
thought

This study evaluates the effectiveness ~
of differen...

This study evaluates the
effectiveness of different prompting
strategies on model performance,
particularly focusing on chain-of-
thought reasoning and variable
computation.
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« KURE: Korea University Retrieval Embedding model

loF
0o

o 02{CHSHW NLP & Al 941 A T HIAI Q1140 DRSO ot =20 Eof AH|E E

—_ . <AL
o ot=0{ query-document-hard_negative 4|O|E{ &F 700tHO 2 ot
& s =
. £|%O| B20] UL QEAA D
* https://github.com/nlpai-lab/KURE
* https://huggingface.co/nlpai-lab/KoEb
e KURE 1.0 (KoE5 ) B3 M=
Model Ko-strategyQA AutoRAG-benchmark PublicHealthQA Avg
NDCG@1 | F1@1 | NDCG@3 | F1@3 | NDCG@1l | Fi@l | NDCG@3 | F1@3 | NDCG@l | F1@1 | NDCG@3 | F1@3 | NDCG@1l | F1@1 | NDCG@3 | F1@3
BGE-m3 75.68 59.68 74.79 55.76 67.54 67.54 47.57 43.42 67.53 67.53 76.69 41.56 70.25 64.92 66.35 46.91
mGTE 70.1 54.91 70.06 52.55 58.77 b8.77 46.14 40.35 58.44 58.44 69.06 38.31 62.44 57.37 61.75 43.74
mE5-large 76.86 61.07 76.48 57.05 63.15 63.15 44.04 39.91 68.83 68.83 79.31 42.86 69.61 64.35 66.61 46.61
kf-deberta 60.64 47.19 61.21 46.22 45.61 45.61 36.79 31.58 54.55 54.55 64.69 35.71 53.6 49.12 54.23 37.84
KoE5 (Ours) 76.69 60.70 75.70 56.32 69.30 69.30 47.57 43.86 71.43 71.43 80.10 42.86 72.47 67.14 67.79 47.68
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KoES: A New Dataset and Model for Improving Korean Embedding Performance

Youngjoon Jang®!, Junvoung Son?, Chanjun Park?, Soonwoo Choi!, Byeonggoo Lee', Taemin Lee

THuman-inspired Al Research, Department of Computer Seience and Engineering, Korea University, *Upstage, *On-the-IT
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Model card Files and versions Community 3 Settings

# Edit model card

&2 KoE5

Introducing KoE5, a model with advanced retrieval abilities. It has shown remarkable performance
in Korean text retrieval, speficially overwhelming most multilingual embedding models.

To our knowledge, It is one of the best publicly opened Korean retrieval models.

For details, visit the KoE5 repository

L+ Heniseok Lim'-2*

& nlpai-lab/ko-triplet-v1.0 @ Korean @ English  xlm-roberta &t
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Figure 1: Overview of our data curation pipeline and model architecture.

2.MS-Marco(Retrieval), NLI (Similarity), NQ Cl|O|E{ Al 2
fine-tune

10ZE0| Q& [|0|E{9}, 250
-O[0|E{Z Z20f, FAlCt query-passage

| H|S2H HIO[EHE AR
MS 0= S hard negative
£ miningS} 1 filteringSt= 11

% hard negativeO|Zt, 0TI 7| 0|2t FAFSHK| = 4X|2, EHNYO 2= 1H%
ot 20l= HIOIHE 2lofet



10 ¢¢ SYNAPSE Zt2] 7|==-Embedding
R

0 p i p i b
Documents Chunking : Embedding = Vector Store
= model :
=l - B h b h
. ) ([woma) . 0] |8
* Huggingface TEIZ 0[50 YUt API AH 7HE @‘ — .@ : Ig.__uua....l
] [osJoos]or] .. | [os Emﬂ o1 .. |

« TEI= Text Embedding InferenceQ 2AUAIZE, QE AA HIAE QH|Y RHIO| MO| Hi IR} MH|AE Pfoff EAE ZEAHO =3

a k==7
- offd EA2 B MY, 2= BENM, XY = 59| 7IS0| ZE AN, T GPUZ L2 AIBXAE Ml + US

« ARIAOIM TEIE 0|&0t0 YHIE S otal, O|F postgresql HIO|E{H[O| A X&SH HAM MHIAE FHSIRUS

RIS AT

IS AMH| A TE
teXt (TeXt Embedd|ng |nference) text, vec E‘” Ol E‘I H‘” Ol ﬁ

v

v

(PostgreSQL +
AU S = E: PGVector)

Multilingual-e5




~ 8

i
,,,,,,,

/
/
s
~
~ \
\
N
\
Zans V;
. / o
\, ’ .
™, 2 / .
N /' i . ;
" / . !
/ 1
/ .
1
l
7
1 ’
i /
\ ’
1

@ - (Vulti-lingual “utomated YouTube Subtitle
. © eneration and 'nterpretation Companion)

Hi R

Human Inspired Al Research
KOREA UNIVERSITY



01 @ MAGIC 2 ,
Magic Sign in m

YouTube Transcript Generator

Easily convert YouTube videos to text transcripts for free online with Magic.
Download or copy the transcripts with timestamps.

https:// www.youtube.com/watch?v=ErnWZxJovaM

YouTube Information

Transcript Summary

Translate v

00:01 [Music] good afternoon everyone and welcome to MIT sus1 191 my name is Alexander
amini and I'll be one of your instructors for the course this year along with Ava and
together we're really excited to welcome you to this really incredible course this isa

very fast-paced and very uh intense one week that we're about to go through together

right so we're going to cover the foundations of a also very fast-paced moving field
MIT Introduction to Deep Learning | and a field that has been rapidly changing over the past
6.5191

00:41 eight years that we have taught this course at MIT now over the past decade in fact
even before we started teaching this course Ai and deep learning has really been
Author Alexander Amini revolutionizing so many different advances and so many different areas of science
Video Duration 1:9:58 meth mathematics physics and and so on and not that long ago we were having new
types of we were having challenges and problems that we did not think were
necessarily solvable in our lifetimes that Al is now actually solving uh Beyond human

performance

01:19 today and each year that we teach this course uh this lecture in particular is getting
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Transcribe

How to get the transcript of High-Quality
YouTube video subtitles

Easily generate subtitles for YouTube videos with our high-quality audio transcription feature!

Step1: Set Source Step 2: Choose Step 3: Enter
Language Translation YouTube URL
Select the source Language Simply paste the
language of the audio. Transcription will YouTube video link
generate subtitles into Magic.
along with

translations.

() You can use the "Text" menu to enter text or upload a file for translation.
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How Al is Revolutionizing Hate Speech Moderation |
EMNLP 2024

e

§ : D
Recent Advances in Online Hate Speech Moderation:
Multimodality and the Role of Large Models

Ming Shan Hee | Shivam Sharma | Rui Cao | Palash Nandi | Tanmoy Chakraborty | Roy Ka-Wel Lee
Singapore University of Technology and Design (SUTD)

1
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|Abel CHatmo] kAt 2hy &

Transcribed Subtitle ~

00:00.450 —» 00:05.890
Hi everyone, | am Ming Shan, a PhD candidate from Singapore
University of

00:05.890 — 00:10.890

. -

Translated Subtitle -~

00:00:00.450 —> 00:00:05.890
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