~ 8

i

e II
2
- /
V4 || -
/ .
/ /
/ ’ -
/ 7 g -
s Pt
Ptas \
_‘» \
- \
- ‘ \\
7
II ~ $
/ ~ ®
/
N, I}
/ .
/ . q
/e i
/ /

/
/

------- Al e |A

~
o/ \

®
L J

"0

9 Ad x Human-inspired Al A dx
4 X 2

Nl dn

Hi R

Human Inspired Al Research
KOREA UNIVERSITY



CONTENTS I+ -

1. Human -inspired Al A d» = K

2. KULLM

3. SYNAPSE
4. Magic

3,, 1 w AN N LR JE




Cret 2Ok = X2} &l XpH0 2|78
20Xls 7=

1. Xtdofxi2| 2. LS} A|AEL 3. 32 AM/ER/FE/9%
« BH20{ Zj0jM7| XHE DAY o CHEL A|ABIOM2] K}oiARHZ CHEHE 2|8 Memory Attention 7|8t Breakdown Detection - MR 7| EOM RS BN RIS FE V1S g
- H2idg 0|88 3o 2Y 2F 1FY| « A 7| CiE Al ABIOAMS] HE OIS Tle - HEl2S S88t BM Thelo 2 & L (o lm)
- S Y HE 7|8 HEA 2M 7|2 . CjRiY 7|8 XIS Ho|ST) A|AE - HIEE AYER NS UM L 5E Humun-lnspi:el;
. clojy 7|et EEA 2N s . Clad BrS 0|28} Uisto| 2ag Mt - Diil2{dE 0|88 2M Xts 99 Ala=4 ‘
* 7HHIY 214{7] (Named Entity Recognition) . 7 EHMROE 0|28+ COVID-19 54~ S0{olo] +20 Elo|2ct &l « S22 0|85 QA M ZM U AIZt3} \ Humon-lmr-smii:ﬁ
c BNIIS BRIE . QUAHHE A D Narrative |t XIE H|C|Q S8t T — Alg’—?i
« Bag of Characters& 288 Character-Level Word Representation 7|& . A2t Zlo|2ot A|AH + HIX|Z 8t Y025 S 0|88 BOM XS B4 Y B XIS F&E & EJ— 4
. 2 ATAR 08+ 01E2I0| IS - BiRiel HZALHE et chst 23 i Bk et '
+ Stack-Pointer Network 0|83+ 8+20{ 9| 7.2 514 XAl 2048 7[5t S AR S5 AT [(SH0]) - AFRIS 0|8 THM O|F 2 AlAE ‘ » A‘
+ QIEFEE4 (Dependency Parser) + KommonGen: 8H=0{ gt A4 22 98 oj0|E] i e ek )
i s el T O S, + Sentence BERT 2HIEIE 0|88+ BIE fra B S (
« SA|E E=R0] FA AHEY + PEEP-Talk: AMEHS SI0| MRS 96+ At - ZUESS S FO{L0|E HISH 2%
« CHSEHS S 2 24 (Emotion Recognition in Conversation) - OlOIS RS PRt LR 22
- Rjoio] R20IMS| 2F 2E LAE 71 ~ QPR RSO AR R AR kit i
+ Denoising Transformer? gt $H=20{ StE¥ 17| * U XS 28U 0} 20 2% ‘gg‘iar:;sgm AI gl;*":r;:s-mmd .
« RIA| QS AESIEE 018 EHO| 2l0] Bo HA SRR n S e
. Attentive Aggregation(=O/E| E8h7[ut S2A Dg ol « Virtual-Try-On Model for Fashion Al
A o ARBX} DRI 7|4t 820 TR T Y
+ QEX|AHEE 0|38t AAFEE ZIO|STIA|AH
+ AR Bt&El Transformer 210] 2E9| 0IF 210 2t 0| 8h&2 &8t X9l 3|44 22X 35 EZIns
. 8120] S48 YIS 8130] BAAEE V1 [ i
P  Elafd 7|t t20f DRiep|
- + PicTalky: Text to Pictogram
s = 2auna

COVID19 EHQIS3} 7 |AHHY|




ARTX8000 * 24 A

AM6000 * 64
An100 * 104



MAZL +=F2

AMITH Al 7= A0

(L
Human Inspired Al Research
KOREA UNIVERSITY

e

8 o

2024.10

2024 ALS1EE L4 ZTIE| 7IEH £O0f

oA A

2024.07

2024 Human-inspired Al 874 Tech—day SAL7HZ|

2024.01

Human-Inspired Al SI12102 M| tHA

2023.09

20 NLP&AI ], ICT H2IX| 2023 27|28 HES

2023.07

2023 Human-inspired Al 874 Tech—day SAL7HZ]

am
o
i
o

2022.12

20228 HAXZATA L M

2022.11

ICT &RIX| 2022 HEA 4

OO TO

2022.07

2022 Human-inspired Al 374 Tech—day @A Z|

2022.04

AAATME(RQER, A CIAH, A OJAHTAIA)

2021.07

2021 Human-inspired Al @74 Tech-day A7 Z|

2024.11

71&01™

(&)

2021.05

SHATA NY 792 5 809 01Y)

2020.12

2020 Okawa Foundation Research Grant Recipients A™(FTAZY)

2020.01

7|201HE ST SEA EARX| SS(Sf 2092 01Y)

2020.05

2020 Human-inspired Al 8374 Tech-day @AHZ|

2020.02

Human-Inspired Al A#AZ HE HA

AH7H| 23 4009 SMH(2024'3 109 0] £F)

2019.12

RUMNAZE 29| 307 3 2AR HF St HZARM 2

=
=HT =1 3)

2019.09

224 HO0|7E 2019 (A% SH7Y)

2019.02

IEX[S 71A3tE W=K0H7HH0] 7HZ]|

2018.06

Human-Inspired Al 2&X|5 SITAHIE T4

7HE71Y 3071 2|t R A 2EF)




AT IH 28

A CHRIBHE SA0| HIBE Al TES PR U H4st AlAH

A ZA7|9HIXE 2020 A5tA Collabo R&DAIA 4-34 (2021.06 ~ 2023.05)

FRER

A MRC 7|8t RtSZOISE AAHIS 25t Al ZAEIMIE] T
A HEEMI|EHIEY 20213 ICT R&D SiA HIRX ALY 4=8 (2021.04 ~ 2022.03)
A ICT R&D HIRX XAt S Salf $ixf 15t XIso| 22102 SK-BroadBand PoC % BMT(Bench Marking Test)

Xl

—

3

EH|=ADTY

A Al 7|8t MAIZH 22101 DB M3t 0% AJAY
A HEHEMI|EHII 20214 |CT R&D Al HERX] AR 48 (2021.04 ~ 2022.03)

Gt 2{EFAD|C Of

A TEXIZ 17245 AH|X} USH 210|2 HHA 2 MEE QO 7| I
A SIZARI7|2T7t2E] Q| 202145 XJAIMH|AARIGHAI7|&71H D= XISH (2021.04 ~ 2023.06)

RS MI2HOLO]

A AIZIEE 2 B2 S5t OIEEIE TASH B Y
II:

A HEEM7|SIHIHA 2022 ICT R&D &4 HIRH Ated 4=34 (2022.04 ~ 2023.03)

MeoIEgE Y=

A SMAE HOoKHQle| Let SHuE S35 9I5t ASKIST|E HAT|7| Y

A ZAHIX7|HE 2022 ZAT|7|&SAIHEIAL 431 (2022.08 ~ 2024.08)

Metolt|IgE7|E

A T3 QO QIZX|s Iy
A 2022 MSA| AFSIH SEAI HAEHIE M2 AZX|S A 284 (2023.01 ~ 2023.09)

A TANX2| AIE &85t BEMAM RP(Role-Play) 2H8 X8 T7t AIAH JHY

EEL _ : i
| A ZA7|HHKE 202314 A Collabo R&DAI 434 (2023.05 ~ 2023.12)

waope | A BIEIRIA IR SIS SIBHAI 7|u DR SRR T1S Y

o T

A ZAHXI|HE 2023 RAMET|SIHHALR 431 (2023.10 ~ 2024.08)




Arstaiz) IR 48

[ |

287|174

-

A QIZX|s ¥t EMEH TR EER T

2020.08 ~ 2021.09

2021.05 ~ 2021.12
2022.03 ~ 2022.07

BT

A JAGXZ|AITIO| UotR 2 MSEMS 9Ift Az 2Y Ye|E nkst
A JtAOXZ|AITIOl HEFYE FE2 I3 WM RIA YTE|E A

2021.05 ~ 2022.03

LG O|:=HY

2021.06 ~ 2021.10

10|t ZA|BIAL

2022.07 ~ 2023.03

A Phone Scam EfX|7| 23] 23 MM 7|2 2022.04 ~ 2023.03

AP EIXH A AN DHIY HIZE CXIQI EMS Q|5 HIO|E 0|22 2 D2 syt 2022.07 ~ 2022.10
e A AN DHIY HIZ C)XIOI 2MS 2|5t Seed Attribute 7|8t 22X 24A pel jut 2022.08 ~ 2022.12

A Ad THIY MZE CIXRI M Q| ET DHIE 7|& JHe 2022.09 ~ 2022.12

MMBIGIAMES | A ASE EEHEY =X 2|5t Pilot ZEME 2023.07 ~ 2023.12

A Mobility =HQ! E3t X|AIH0|AS &85 LLM7|HF QA System ¢

2023.09 ~ 2025.03

S 2 H| AR

A GPT7|gt PLC 224U OA|AHE 7|& POC e

2023.10 ~ 2024.01




L J
714y ASHEE] R 3 3712
B 2 TI= HA ol JHut -
=AI8IAF 0J2]C] A 1|cc)Jor: s HZ Al E I 2024.01 ~ 2024.08
A 0|82l QA M MH|A 7Ht 2024.02 ~ 2024.09
A KT MoM M5 T1E3512 95t 25 7 2024.08 ~ 2025.07
TEES A St=23 Vertical sSLM 7He 7|& 71t 2024.08 ~ 2025.07
B A Al BHO| SOl ME HAS Qo MME Al o3 7|& JHe 2024.08 ~ 2025.05
A 3t235 SLM/LLM TIEX|E S 2 #IX|0t3 Al JH2t 2024.08 ~ 2025.07
(F)AMAZE A Al 24 MM Do XA SN £HS Q|6 BIAH H|0|E MXE| 7|& AR 2024.09 ~ 2024.12




o

”g

b @S HeFFIREST R TR EYE R EeBeE e Pe MRS

Bl Wyl B Q W TS
H 21-468 X

niga
Human=-inspired Al 134

¢ 7S 2021 AAEHEY S 40
wrlNz)oIM 943k Al MAE|glong

Joll 278-& =&l

(o]

2021 109 20¢

!

5

-t Egvet e

TR P laTe e B e TR e S e T e 8 R G e

R IR —8—% T
Attt
Baas Zor ¥

ik A Yo S BUR SR S HCHL A BB RS YA R R A R R S R R e

o

o

NI G - SR Sl S - DTRiP A S

<

W ) R G

Al 2024-678 X

Dejveta Astye

9 ) 2024 AEHY 421

Hx

d7leAEloM $43k AlB2 MPE|genR
l

(¢]

L2

| &78& =3y

20249 1Y 6

oH
w9 4 asy3u 0] F %5;;]
-

W Pl TR P

O

o



LLM / sLM for Business:

&‘7', - P ; INVITATION

| Recent practical works on
4| : 202414 78 152 (&) 14:00 - 18:00 22{cHst Human-inspired Al : Neuro-Symbolic Al
A W B2|0|E SCI2 Agljof N2 A0 A FALS XCHEiLICE ‘ ‘

4
>
13:30 - 14:00 =
»
o LLM B|XLIA-MAb 3} 8141
14:00 - 16:00 ol gy/mc;:
ATHES 2 2719 xjolo| Hal J|2 Rt ofLizt oizte] 16:00 - 16:30
S d& YEIZH 7|%2| Human-inspired Machine
learning, Human-inspired Rapid learning, X|2l2| B#,
3, 28 U 88 X5 ol 88 MulA Il § A3Xs 16:30-16:50
Tuho] YMI|SS Ch BRI AGLICH =8, KHAICH Al
71&7igel Ysto2 At A% 2 LIM(KULLM)E 2 16:50 - 17:00 2af0l 2 ng T2 7Y A%
2 S0|D CU2t 88 714E MY S0l YgLc WAEARA
w 72 - TGS Human-inspired Al 278! BHEAICIZLE & WAL B AAMStMA AR 2 Al
T120H=}ul LINC 3.0 At 7123 M Al LUEE S8 9 MHE QoMo 17:00 - 18:30 HSAA
KHIHRIBTISs g8ty siLich.

20244 78

D23t Human-inspired Al 7@

Uzt | p4& Ol




Okl

o
T

IR Day IR DayE &2t 7=

IHj"ﬂjl Human Inspired Al R f ; A o g ; oy /
20244 e : 2023915 K| 13

L= 205t HIAIgIRA X St & Xl 2{20]g TER
HIAI E II' X 2 I R D AY 2024 HIAI EXF X GenAl OF7HE] 0| TIW%NSS L. /&
GenAl OI';H:'“ [" ’ ' CAEEY EXISK| Atz

Ley A| /2023. 08. 08. (&) 14 : 00 ~ 16 :00
B4 / SREXAMHO|E CiZolA

Pocauzsnas

[t 1 =twer
HI=Ane
48 26 24 132

23| 5817 118l 98 27¢ Hy &Y 3 S=XRE L

33l 58 31 123l 108 11€ 2024.6. 14

43 68 142 10:00 133 108 252 10:00

53] 62 282 ~ 143 118 152 ~

63l 78 122 1300 | 45 11320 1800

73| 78 262 16| 128 132

83l 8% 162 173 128 27

93l 8% 30
% A UHe mAY 2 UBUL oSS

= Lok &
X2 Ac/VC EXHMAIS Al /2022.12.14. (%) 09: 00 ;E?._.“E—Li“'“a“ E e
EtA [ AEIHIHA =t o3

S0|-AIM S W2 (3 ilovehci@korea.ac.kr) B oo N R

FX| DD Human-inspired Al 81314

A il Horan Al STIC' VENTURES




S

Ko-Gemma (8 'Ad

‘E dA

~ Hugging Face Search models, datasets

= nlpai-lab ko-gemma-7h-v1 0 ke

7 TextGeneration & Transformers & Safetensors gemma  conversational @ Inference Endpoints
# Model card Files and versions Community Settings.

Model Card for Model ID

Model Details
Model Description

Thisis the model card of a & transformers model that has been pushed on the Hub. This model card
has been automatically generated.

Developed by: [Mare Information Needed)

Funded by [optional]: [More Information Needed]

Shared by [optional): [Mare Information Needed]

Model type: [More Infermation Needed]

Language(s) (NLP): [More Information Needed]

License: [More Information Needed]

Finetuned from model [optional]: [More Information Needed]

Model Sources [optional]

Repositary: [Mare Information Needed]
Paper [optional]: [More Information Needed]

Demo [optional]: [More Information Needed]

* text

X)

ydA

1 kQw

K A

N

KULLM G 'Ad

X)

~  Hugging Face

b KULLM3 © ke
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N LeaderBoard 1]

- JHe: d2{CHstn NLPRAI HTEA OpenKo-LLM
LeaderBoard

&7 The Open Ko-LLM Leaderboard kr objectively evaluates the performance of Korean Large Language Model (LLM).

= (L L M) A I When you submit a model on the "Submit here!" page, it is automatically evaluated. The GPU used for evaluation is operated with the support of KT. The data used for evaluation consists of
nen datasets to assess reasoning, language understanding, hallucination, and commonsense. The evaluation dataset is exclusively private and only available for evaluation process. More detailed

information about the benchmark dataset is provided on the “About” page.

This leaderboard is co-hosted by Upstage, and NIA that provides various Korean Data Sets through Al-Hub, and operated by Upstage.
A - ‘ o =L’ o _ =
— Leaderboard =% % #IX[0}3 H7/t "HE H ol=' A= oK 2 W st B B @
Q odel type

@ pretained O instruction tuned

olumns to show

float16 ?

- E'I-O |+1|£: O I-]Il-il 2 . O Average [l Ko-ARC Ko-HellaSwag Ko-MMLU
- Base Model: upstage/ SOLAR-10.7B-v1.0 i) (St 2 e | e

Precision Merged Hub License #Params () Hub @
Unknown Q 138 13-358 35-60B
Available on the hub Model sha Flagged
@ 608+
Show private/deleted Show merges Show flagged models
models
T 4 Model + Average @l » Ko-HellaSwag 4 Ko-MMLU & Ko-TruthfulQA + Ko-Comn
[} 55.53 43.54 45.9 71.46 46.64
o 44,31 59.81 32.4 28.69 60.64 40.02
U d L [} -dpo-v1.0 B 57.92 56.91 65.81 53.81 58.77 54.31
p ate Ogs i} 57.66 55.97 65.07 55.37 56.03 55.84
, I , , , . s , [ ] 56.62 55.63 66.12 55.67 28.32 57.38
Annnao@i ®moyg Y! of a © @6l mdAido .
A—l 4 1 [ l:'- B Dopeoxione/COKAL:DPO. v DB 52.67 55.63 63.5 43.49 51.5 49.23
n H n qj{@l (Dmo Y } O a O Lo 59.34 55.38 65.56 53.38 64.39 57.97
A_I " 0 ! - W HumapF-Mar 13b-v2 B 54.95 63.62 43.98 51.67 49.82
n H O qj{n C ¢ I-.IJO“ 7 « ~ , - [ ] c0TNo) 2-138 B 51.85 54.44 61.73 43.39 47.99 51.71
A‘I n H O qj{@t @ff Veia% @w e Y : [ ft 2 f G[Eq@"ﬂ'l-ﬁ M\Ip Gz O  Edentns/DatavVo 78-dpo-vi.1 B 56.78 54.35 63.44 51.69 53.85 61.16
v Z =~ A 4 v A L v Ed 78-0p0-V1.6 59.22 53. 4 i3 6 57.
Annodme N M[Ha 0 Bl dZAIAy3ICHOS 51 GFasSia e ——— e e o
T " L .
Anno oV deo Miidm 2 dyve Y! [ fi @ f SWEH.BHIF I Q@ R «
A nno vy @@d etId Rdye Y [ i @ { awEH.@WFELI e bt et ] ety B



https://huggingface.co/taeminlee/KULLM3-awq
https://huggingface.co/nlpai-lab/KULLM3
https://github.com/nlpai-lab/KULLM#evaluation
https://huggingface.co/nlpai-lab/kullm-polyglot-5.8b-v2
https://huggingface.co/datasets/nlpai-lab/kullm-v2
https://huggingface.co/nlpai-lab/kullm-polyglot-12.8b-v2
https://huggingface.co/metterian/kullm-polyglot-12.8b
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KULLMS3 Ch=t d5 T7t 21}

GPT-4 Turbo () GPT-3.5 Turbo @@ KULLM3 @ Solar-10.7-inst @ KULLM_v2 KoAlpaca-12.8

\ 4 v

5 4.93 g3 4.88 79 -

4.24 4’334:7 443 36

4 3T

3

2 I L | | I

1 I | I I I

0

Fluency Coherence Accuracy Completeness Overall

“ b @I X GPT -4-Turbo(gpt -4-0125-preview) 0 i Ao, b h h X yizhongw/self  -instruct A
h h ~ user_oriented_instructions.jsonl .. deepl "E_ | h h.. |T
” A prompt h 1d &I D, £ @&, D, OpenAlAPI O i J & v =~ ~ a.

-

“d b MOV repo 4 b L3 a.



https://github.com/yizhongw/self-instruct
https://github.com/superheavytail/lm-chat-eval-by-openai
https://github.com/nlpai-lab/KULLM/blob/main/assets/kullm3_instruction_evaluation.png
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04 “ Empathetic KULLM

RO O 45 0 1 . "Ha | < (. v T p" u
A
Dialogueagentt d 0 v «d B ., M o,. B 4Mivd 0 W

@ < I lost my job last year and got really angry. ] EmpatheticDialogues

</ < I'm in depression because recently I lost my job.

I am sorry to hear that. It must be so upset. (Non-Initiative) :> @ [I am so sorry to hear that. Did you work there for a long time? (Initiative) ]> )

Yes up to five years but my company getting too much

< Y lost so they took out lots of employs. ESConv

@ <Yes, it was a complete surprise. ’

[I can understand that. Thope it turned out to be a blessing. (Non-Initiative) ]|> \as [I can understand. It can cause a lot of depression for you. (Non-Initiative) ]> @

X {I don’t know what to do now. é%%

I would recommend looking for a local group that help assist creating £
new resumes. Nonprofits have people who volunteer. (Initiative)

@ < I wish I had another job today. ’

I feel your pain. It happened to me few years ago. I hope -
you find a job, good luck! (Non-Initiative) ot

Empathetic Dialogue Emotional Support Dialogue
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"text" : "The advent of large language models has ex-

Markdown This study evaluates the effectiveness ~

perienced a remarkable improvement in the

field of machine translation. However, machine

translation is still wvulnerable to critical meaning

deviations, which may incur catastrophic issues
in social or ethical contexts. In particular, ex-
isting critical error detection primarily focuses
on identifying sentence-level errors, leaving

the precise localization of such errors within
the sentence unaddressed. In this paper, we
introduce a new task, word-level critical error
detection (WCED), to detect critical errors at

a fine-grained level in machine translation sen-
tences. The task aims to didentify the parts of

a machine translation that contain catastrophic
meaning distortions. We hypothesize that the
ability f ikl TN ne sentence level
will pos ection of more

granular ntence-level er-

This image presents examples of

input-output pairs demonstrating

chain of thought reasoning across

different benchmarks, including

math word problems,

commonsense reasoning, and date
understanding. It highlights the

performance of various large

language models and the

effectiveness of chain-of-thought

in models

parameters.
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of differen...

This study evaluates the
effectiveness of different prompting
strategies on model performance,
particularly focusing on chain-of-
thought reasoning and variable
computation.
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A KURE: Korea University Retrieval Embedding model

Asa Ad xNLP&AN L OHIAIN & b k Q A Tvaol
A dA query-documenthard_negativen 700x N E
A A tvdA =" wl
A https://github.com/nlpai-lab/KURE
A https://huggingface.co/nlpai-lab/KoE5
A KURE 1.0 (KOE®)l £ 3
Model Ko-strategyQA AutoRAG-benchmark PublicHealthQA Avg
NDCG@1 | F1@1 | NDCG@3 | F1@3 | NDCG@1 | F1@l | NDCG@3 | F1@3 | NDCG@1 | F1@1 | NDCG@3 | F1@3 | NDCG@1l | Fi1@l | NDCG@3 | F1@3
BGE-m3 75.68 59.68 74.79 5b.76 67.54 67.54 47.57 43.42 67.53 67.53 76.69 41.56 70.25 64.92 66.35 46.91
mGTE 70.1 54.91 70.06 52.55 58.77 58.77 46.14 40.35 58.44 58.44 69.06 38.31 62.44 57.37 61.75 43.74
mE5-large 76.86 61.07 76.48 57.05 63.15 63.15 44.04 39.91 68.83 68.83 79.31 42.86 69.61 64.35 66.61 46.61
kf-deberta 60.64 47.19 61.21 46.22 45.61 45.61 36.79 31.58 54.55 54.55 64.69 35.71 53.6 49.12 54.23 37.84
KoE5 (Ours) 76.69 60.70 75.70 56.32 69.30 69.30 47.57 43.86 71.43 71.43 80.10 42.86 72.47 67.14 67.79 47.68
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Introducing KoE5, a model with advanced retrieval abilities. It has shown remarkable performance
in Korean text retrieval, speficially overwhelming most multilingual embedding models.

To our knowledge, It is one of the best publicly opened Korean retrieval models.

For details, visit the KoE5 repository

ES5 o
KoE5 t * ol
a. OK 2B/&EL 1

~
€

ES tv @i
QT

XBERTD = QN E

1.Unsupervised Larg8cale Text Dataset du J pre-

train

R » .
ereddn somunteschoar  Craw]  veHEhanges

1.3B unfiltered ||

consistency-based filter

270M i‘ CCPairs

@
i e
E, E,
| average paol ]

[ average pool ]

share
Encoder |[© | Encoder

passage: text 2

query: text 1

Figure 1: Overview of our data curation pipeline and model architecture.

2. MSMarco(Retrieval), NLI (Similarity), MQ h N "E
fine-tune

10 A4 Onh T2
-h 0pv,” | querypassage , "Qt

v O

e Nk h o |t
, hard negative
0 mining o filtering

Q o NEv, yu

[y

U hard negative O, IR A

) v h o O



10 4o SYNAPSE Zt2] 7|==-Embedding
R

0 p i p i 0
Documents Chunking : Embedding = Vector Store
= model :
= . B h A A
. ) ([woma) . 0] |8
A Huggingface TEIS 0|2510] UH|E APl At 7Hg @‘ — .@ : I?.__Hua....l
] [osJoos]or] .. | [os Emﬂ o1 .. |

A TEl= Text Embedding InferenceQ| UXI2, QE AA HIAE Q| DHIO| MO| Hi IR} MH|AE Pfoff EAE ZEAHO =3

a k==7
A oig B2 ¥ A, 2E MM, XY & 59| 7|50] ZEE 0] 0, Y GPUZE L2 AFXIE M2 E & US

A A'HAO0M TEIZ 0|85t MY o1, 0| postgresql HIO|E{H|O| AN XKAGHH ZAM MHIAS TGS

1l 6 Ax & :TEI
text (Text Embedding Inference) text. vec

v

(PostgreSQL +
PGVector)

Il 60 @:
Multilingual -e5




~ 8

i
,,,,,,,

/
/
s
~
\
N
\
VAR
™, / N
N, ’ \,
AN ’ ’ .
NP / \ ;
% / \. H
/ 1
/ .
1
l
/
1 ’
i /
\ ’

®- (M ulti -lingual  ~ utomated YouTube Subtitle

.  Wie eneration and nterpretation Companion )

Hi R

Human Inspired Al Research
KOREA UNIVERSITY



01 @ MAGIC 27 ,
Magic Sign in m

YouTube Transcript Generator

Easily convert YouTube videos to text transcripts for free online with Magic.
Download or copy the transcripts with timestamps.
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YouTube Information

Transcript Summary

Translate v

00:01 [Music] good afternoon everyone and welcome to MIT sus1 191 my name is Alexander
amini and I'll be one of your instructors for the course this year along with Ava and
together we're really excited to welcome you to this really incredible course this isa

very fast-paced and very uh intense one week that we're about to go through together

right so we're going to cover the foundations of a also very fast-paced moving field
MIT Introduction to Deep Learning | and a field that has been rapidly changing over the past
6.5191

00:41 eight years that we have taught this course at MIT now over the past decade in fact
even before we started teaching this course Ai and deep learning has really been
Author Alexander Amini revolutionizing so many different advances and so many different areas of science
Video Duration 1:9:58 meth mathematics physics and and so on and not that long ago we were having new
types of we were having challenges and problems that we did not think were
necessarily solvable in our lifetimes that Al is now actually solving uh Beyond human

performance

01:19 today and each year that we teach this course uh this lecture in particular is getting
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