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$EVWUDFW� Recently, research on generating text based on knowledge graphs has 
been importantly dealt with. However, datasets for these studies are insufficient, 
and there are many limitations in building datasets. Therefore, this paper 
proposes a methodology for automatically building data based on published 
knowledge graphs. Based on this, a sentence generation experiment was 
conducted using a large-capacity language model including Korean such as 
KoBART and mBART.  

.H\ZRUGV��Graph to Text, Knowledge Graph, Natural Language Processing 

�� � � ,QWURGXFWLRQ�

Graph-to-text generation is a task of generating text by receiving a graph as an 
input. Recently, research on these tasks has been actively conducted >1@, and there is a 
limitation in that it takes a lot of time and money to build a dataset for the task. 
Therefore, this paper presents a plan to automatically build a Korean-based graph-to-
text dataset. The proposed Korean graph-to-text dataset is a dataset based on DBpedia, 
an open knowledge graph, consisting of triplets representing the relationship between 
one entity and another and text pairs describing the entity. Based on the established 
dataset, experiments were conducted using KoBART1, a Korean pre-learning model, 
and mBART >2@, a multilingual language model.  

�� � � 5HODWHG�:RUN�

There are two main methods of graph-to-text generation� the first is to utilize 
graph neural networks or graph transformers >�@. The second method used in this 
paper is to linearize the graph and use it as a direct input >�@. 

                                                           
∗ Corresponding Author 
1 https���github.com�SKT-AI�KoBART 
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Graph-to-text datasets typically have WebNLG >�@. WebNLG is data based on 
RDF triple composed of various domains. In addition, text describing these triplets is 
structured together, making it a suitable dataset for performing graph-to-text tasks. As 
such, graph-to-text data in English exists, but there is no dataset in Korean. 

�� � � 0HWKRGV�

To automate the construction of graph-to-text datasets, we utilize Korean DBpedia 
data, a public knowledge graph. Text was extracted from DBpedia data, and a 
knowledge graph was constructed by selecting a triple related to the sentence 
extracted from the triple existing in DBpedia. The graph-to-text dataset constructed in 
this way consists of a knowledge graph describing an entity and a sentence associated 
with the graph. 

7DEOH���  Dataset experimental results.  

0odel BLEU-� BLEU-� 0orpheme 
BLEU 0ETEOR CHRF�� KoBERT 

Score 
KoBART 1�.6� 11.�8 2�.1 �8.68 ������ 82.�1 
mBART ������ ������ ����� ������ ������ ������

�� � � 5HVHDUFK�UHVXOW�DQG�&RQFOXVLRQ�

Table 1 shows the experimental results for the graph-to-text dataset. The mBART 
model showed the best performance compared to KoBART. These experimental 
results show that language models can perform graph-to-text tasks well with graph-to-
text datasets in this paper. 

In this study, we recognized the necessity of the Korean graph-to-text generation 
task and suggested a method of generating natural language sentences based on 
Korean knowledge graphs. Automated graph-to-text dataset construction methods can 
be used to construct data at a low cost, which can serve as a solution to the dataset 
shortage problem faced.  
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